WEB SCRAPING FOR THE
CODING-CHALLENGED

FDLP WEBINAR
May 23, 2019
Carl p. Olson, Librarian III, Coordinator for government publications

Albert S. Cook Library, Towson University




Today’s Agenda

TOWSON
UNIVERSITY




T TOWSON
UNIVERSITY

Web-scraping is a (typically automated)
process which transfers content from
online documents to an interactive
format, such as Excel or CSV, for
analysts, aggregation, or further
computation.
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- Directories;

- Employment listings;
- Products & pricing;

- Web addresses;

- Site maps;

- Annual reports;

- Data tables from reports;

- Documents!
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FBI, Crime in the U.S., 2017, 5/ CRIME in the.
Murders in the U.S,;

Murder
by State, Types of Wean
By State; O I
, Firearms Knives or
Total Total (type cutting Other Hands, fists,
State murders! firearms Handguns Rifles Shotguns unknown) instruments weapons feet, etc.2
B I e O f \ K / ea On Alabama? 2 1 0 0 0 1 0 1 0
y y Alaska 62 a7 | 7 3 3 24 13 8 4
Arizona 404 8 9 70 50 93 12
Arkansas 250 168 92 " 4 61 23 52 7
California 1.830 1,274 236 37 34 3 195 103
Colorado 218 137 88 7 4 3B 7 22 22
Connecticut 102 72 30 0 1 4 1 9 10
Dela 52 44 20 0 1 i 3 4
District of Columbia 116 90 89 0 0 1 15 5 i}
Georgia 672 542 490 15 5 32 7 85 8
Hawaii 39 4 1 1 0 2 9 10 16

daho 28 13 38 4 1 0 6 3

@



Why Do People Scrape Data?

:;:;1:;0 TOWSON
by State, Types of Weapons, 2017 UNIVERSITY

Firearms Krnives or

Tatal Tatal [type cutting Other Hands, fists,
murders’ firgarms  Handguns Rifles Shotguns | unknown) | instruments | weaponz | feet, et
2 1 0 o 0 1 0 1 0
52 37 7 3 3 24 13 ] 4
404 243 62 & 3 70 50 53 2
250 168 1z 1 4 &1 23 sz 7
1830 1274 836 37 34 317 55 135 103
i 137 a8 7 4 38 kT 22 22
102 72 a0 ] 1 41 1l 5 10
sz 44 20 ] 1 23 3 4 1
116 50 &3 ] i 1 5 5 6
672 54z 430 15 5 2 7 &5 ]
39 4 1 1 0 z 3 10 %
28 13 5 4 1 o 6 3 6
g1 £33 536 24 3 70 53 50 18
360 291 17 14 6 124 20 33 10
100 57 25 1 5 26 1 18 7
129 73 44 4 7 24 1 26 ]
R : 1 % = ] | by State, Types of Weapons, 2017
S66 460 216 23 2 209 46 4z 1 1
23 12 4 0 0 g 3 4 4
475 370 339 5 3 23 44 50 1 Total Murders 1 5= 129
170 33 34 ] 0 85 3 23 6
567 381 185 13 2 1 E5 1o a0 H
o7 ot 5 3 2 1 S ot 0 Total Firearms 10,982
149 11 40 4 3 14 1z 20 6
535 514 224 22 8 260 5 48 ] Ha]]dgms 7032
| 17 10 z 1 4 2 5 7 :
43 3 27 z z o 4 s 3 .
270 20 16 sa 0 127 z8 30 1 Rifles 403
14 7 4 ] 1 z 5 1 1 S
324 242 15 7 4 56 4z 23 1 ho 164
113 I 20 z i 43 20 13 3 tguns
547 23z 233 5 5 4d 113 5 51 .
547 413 279 3 26 33 33 &4 37 Firearms (typ-e 'I]:I]]I:I]O'Wﬂ} 3283
5 5 z 1 i z 1 z 1
g2 485 226 5 1l 243 45 128 23 . .
582 8 26 5 L 4 98 8 22 Knives or Cutting Instruments 1.591
100 55 34 z z 20 7 2z 3
s s 4s2 i 8 36 & 7 2 Other Weapons 1.860
20 g 1 i i 7 4 s 3 :
387 32 183 1 8 110 23 36 10 £ 2 5
21 5 5 ] i z 7 z 4 Hands. fis et a8
525 407 27 19 1 108 4z &d 12 . Tists, . efc.
1364 102 534 a0 26 =2 156 13 g5
73 46 2 o 3 1 7 12 &
14 & 1 ] i 5 6 1 1
453 338 156 1 1 160 44 54 7
228 134 75 1 1 57 3 40 18 1 . . .
73 a5 25 4 4 2 5 23 3 Total number of murders for which supplemental homicide
186 143 1t 4 z a2 1 17 3
14 & 5 o i 1 3 3 z .
: = 2 = s 3 2 : Z data were recetved.

* Total number of murders For which supplement al homicide data were received.
! Pushed iz included jp i

* Pushed is included in hands, fists, feet, etc.

12,123 0,352 o3



What If It Isn’t Online in XIS or CSV?
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Vital Statistics Services
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| What is the Hardest way?
The hardest way 1s to TOWSON
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Table A. Expectation of life, by age, race, Hispanic origin, race for the non-Hispanic population, and sex: United States, 2015

All races and origins White Hispanic' Non-Hispanic white Non-Hispanic black’
Female Total Male Total Male Female

811 . 76.3 . 7.9 781
80.5 . X 75.7 . 7.8 779
76.6 . . 7.8 ¥ 67.9 74.0
mnr ¥ . 66.9 | 62.9 69.1
66.7 . . . X . 61.9 . 58.0 64.1
61.8 X X 3 571 J 533 59.3
56.9 . ¥ . 524 X 48.9 544
521 . X 3 X ¥ 47.8 p 444 49.6
47.3 E . . . X . 43.2 . 449
42.5 . . . . & 3 38.7 . 35.5 40.3
379 . | . X . X . 341 . 387
33.3 ¥ . . § 29.8 . 26.9 313
28.9 F X . ¥ . f X a 25.6 . 23.0 272
i 21.7 . 232

.4 19.5

0

First Row dropped into First Column;

7.0 6.5 5.9 6.9 6.9 6.1 72 7. 3. 6.5
4.8 45 4.0 47 5.0 45 5.2 54 47 } 45
3.3 31 27 3.2 37 33 38 a7 33 3 31
23 22 20 2.2 27 24 27 27 23 . 22

“Lifie tables by Hispanic origin are based on death rates that have been adjusted for race and ethnicity misclassification on death ceriificates. Updated classfication rafios were applied; see Technical Notes.
SOURCE: NCHS, National Vital Statistics System, Mortality.
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Can Anyone Export PDF to Excel?
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%"PDFTables 49 Pages Left Pricing Enterprise API LOGOUTl m

Accurately convert PDF tables to Excel

Try our PDF to Excel converter for free!

No more time consuming and error
prone copying and pasting. Convert
PDF to Excel, CSV. XML or HTML.

Convert a PDF document!

Read reviews on TrustPilot

How to use — For Business — Blog — Questions?

http:/ /pdftables.com




PDF Tables — One page, One Table
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SALARY TABLE 2019-DCB
INCORPORATING THE 1.4% GENERAL SCHEDULE INCREASE AND A LOCALITY PAYMENT OF 29.32%
FOR THE LOCALITY PAY AREA OF WASHINGTON-BALTIMORE-ARLINGTON, DC-MD-VA-WV-PA
TOTAL INCREASE: 2.27%
EFFECTIVE JANUARY 2019

Annual Rates by Grade and Step

Step 1 Step 3 Step 4 Step 5 Step 6 Step 7 Step 10
$ 24,633 $ 26278 | S 27,091 | $ 27911 | $ 28390 | § 29,199 S 30,813
27.696 29,273 30,049 30,386 31,280 32,174 34,854
30,219 32,234 33.242 34,249 35,257 36.264 39,286
33,925 36.185 37.315 38,446 39.576 40,706 44,097
37,955 40.485 41,750 43,014 44,279 45,544 49,338
42,308 45,130 46,541 47,952 49,363 50,774 55,006
47,016 50,150 51,718 53,285 54,852 56,420 61,122
52,068 55.539 57,275 59,010 60,745 62,481 67,687
57.510 61,343 63,259 65,176 67,093 69,009 74,759
63,332 67.553 69,663 71,774 73.884 75,995 82,326
69,581 74,221 76,541 78,861 81,181 83,501 90.461
83,398 88,959 91,740 94,520 97.300 100,081 108,422
99,172 105,782 109,088 112,393 115,699 119,004 128,920
117,191 125,005 128 911 132,818 136,725 140,632 152,352
137,849 147,038 151,633 156,228 160,822 165,417 166,500 *

amqmmhuw—g

* Rate limited to the rate for level IV of the Executive Schedule (5 U.S.C. 5304 (g)(1)).

Applicable locations are shown on the 2019 Locality Pay Area Definitions page: http://www.opm.gov/policy-data igh leave/salaries-wages/2019%/locality-pay-area-
definitions/




PDF Tables — One Page, One Table

%VPDFTabIes 49 Pages Left Pricing Enterprise AP % IgwgsolTNY

How did we do?

Salary Table 2019-DCB.pdf

Page 1

SALARY TABLE 2019-DCB
INCORPORATING THE 1.4% GENERAL SCHEDULE INCREASE AND A LOCALITY PAYMENT OF 29.32%
FOR THE LOCALITY PAY AREA OF WASHINGTON-BALTIMORE-ARLINGTOMN, DC-MD-VA-WWV-PA
TOTAL INCREASE: 2.27%
EFFECTIVE JANUARY 2019
Annual Rates by Grade and Step
Grade Step1 Step 2 Step 3 Step 4 Step 5 Step 6 Step7 Step 8 Step ¢ Step 10
1% 24633 5 25458 § 26278 5 27091 % 27911 % 28390 $ 29199 $ 30016 $ 30,049 $ 30813
2 27696 28,356 29,273 30,049 30,386 31,280 32,174 33,067 33,961 34,854
30,219 31,227 32,234 33.242 34,249 35,257 36,264 37,271 38,279 39,286
33,925 35,055 36,185 37,315 38,446 39,576 40,706 41,836 42,967 44,097
37.955 39,220 40,435 41,750 43,014 44,279 45,544 46,809 43,073 49,338
42,308 43,719 45,130 46,541 47,952 49,363 50,774 52,184 53,595 55,006
47,016 48,583 50,150 51,718 53,285 54,852 56,420 57,987 59,554 61,122
52,068 53,804 55,539 57,275 59,010 60,745 62,481 64,216 65,952 67,687
57.510 59,426 61,343 63,259 65,176 67,093 69,009 70,926 72,842 74,759
63,332 65,442 67,553 69,663 71,774 73,884 75,995 78,105 80,216 82,326
69,581 71,901 74,221 76,541 78,861 81,181 83,501 85,821 88,141 90,461
83,398 86,179 88,959 91,740 94,520 97,300 100,081 102,861 105,642 108,422
99,172 102,477 105,782 109,088 112,393 115,699 119,004 122,310 125,615 128,920
117,191 121,098 125,005 128,911 132,818 136,725 140,632 144,538 145,445 152,352
137,849 142,443 147,038 151,633 156,225 160,822 165417 166,500 166,5007 166,500~
* Rate limited to the rate for level IV of the Executive Schedule (5 U.5.C. 5304 (g)(1)).

Applicable locations are shown on the 2019 Locality Pay Area Definitions page: http://www.opm.gov/policy-data-oversight/pay-
leave/salaries-wages/201%/locality-pay-area-

definitions/

PDFTables.com uses cookies to provide a service and collect information about how you use our site. If you don't want us to collect information

about vour site behaviour, please go to our privacy page for more information. Read about our use of cookies.




PDF Tables — One Page, One Table
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SALARY TABLE 2019-DCE

INCORPORATIMNG THE 1.4% GEMERAL SCHEDULE INCREASE AND A LOCALITY PAYMENT OF 29.32%

FOR THE LOCALITY PAY AREA OF WASHINGTON-BALTIMORE-ARLINGTON, DC-MD-VA-WW-PA

TOTAL INCREASE: 2.27%

EFFECTIVE JANUARY 2019

Annual Rates by Grade and Step

Stepl Step 2 Step 3 Step 4 Step 5 Step o Step 7 Step 8 Stepd Step 10
24,6335 25458 % 26,2785 270915 279115 283905 29,1995 30,0165 30,0495 30,813
27,696 28,356 29,273 30,049 30,386 31,280 32,174 33,067 33,961 34,854
30,219 31,227 32,234 33,242 34,249 35,257 36,264 37,271 38,279 39,286
33,925 35,055 36,185 37,315 38,446 39,576 40,706 41,836 42 967 44,097
37,955 39,220 40,485 41,750 43,014 44,279 45,544 46,809 45,073 49,338
42,308 43,719 45,130 46,541 47,952 49,363 50,774 52,184 53,595 55,006
47,016 48,583 50,150 51,718 53,285 54,852 56,420 57,987 59,554 61,122
52,068 53,804 55,539 57,275 59,010 60,745 62,481 64,216 65,952 67,687
37,510 39,426 61,343 83,259 65,176 87,093 62,009 70,926 72,842 74,759
63,332 65,442 67,553 69,663 71,774 73,884 75,995 78,105 80,216 82,326
69,581 71,901 74,221 76,541 78,861 81,181 83,501 85,821 88,141 90,461
83,398 86,179 88,959 91,740 94,520 97,300 100,081 102,861 105,642 108,422
99,172 102,477 105,732 109,088 112,393 115,699 113,004 122,310 125,615 128,920
117,191 121,098 125,005 @ 128,911 @ 132,818 136,725 @ 140,632 144,538 148,445 152,352
15 137,849 142,443 147,038 151,633 156,228 160,822 165,417 166,500 * 166,500 * 166,500 *

* Rate limited to the rate for level IV of the Executive Schedule (5 U.5.C. 5304 (g)({1)).

Applicable locations are shown on the 2019 Locality Pay Area Definitions page: http://www.opm.gov/policy-data-

definitions/




PDF Tables —Long Scholarly Article
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A Little Awkward

WouLD BANNING FIREARMS REDUCE
MURDER AND SUICIDE?

A REVIEW OF INTERNATIONAL AND
SOME DOMESTIC EVIDENCE

DON B. KATES' AND GARY MAUSER™

INTRODUCTION 650

L. VIOLENCE: THE DECISIVENESS OF
SOCIAL FACTORS. 660
662

1. ASKING THE WRONG QUESTION .
11I. DO ORDINARY PEOPLE MURDER? 665
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D. Geographic Patterns within Nations .

*Don B. luns(LL!.Yale.l%G)hmAlmdm
Mngh.SmFmbkm
ret; 360-666-2688; 22608 NLE. 269th Ave., Battle Ground,
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WOULD BANNING FIREARMS REDUCE

INTRODUCTION

1.
1.
IV. MORE GUNS, LESS CRIME?
.

‘entirely ours.

CONCLUSION

of
higher than Germany in 2002.*

Nation

Russia

Luxembourg

Hur*gary

Finland

Sweden

Poland

France

Derimark

Greece

Switzerland

Germany

Norway

Austriz

Notes: This table covers all the Continental European nations for which
the two data sets given are both available. In every case, we have given
the homicide data for 2003 or the closest year thereto because that is the
year of the publication from which the gun ownership data are taken. Gun
ownershipdata comes from GRADUATE INSTITUTE OF INTERMATIOMNAL
STUDIES, SMALL ARMS SURVEY 64 thl.2.2,65tbl.2.3 [2003).

The homicide rate data comes from an annually published report,
‘CAMADIAN CENTRE FOR JUSTICE STATISTICE, HOMIGIDE IN CANADA,

A REVIEW OF INTERNATIONAL AND

WIOLENCE: THE DECISIVENESS OF
S0CIAL FACTORS
AsKiNC THE WRONG QUESTION
Do

MURDER AND SUICIDE?

SOME DOMESTIC EVIDENCE
DON B. KATES* AND GARY MAUSER"

ORDIMARY PEOPLE MURDER?

GEOGRAPHIC, HISTORICAL AND DEMOGRAPHIC

PATTERNZ
A
B.

C.

D.

Harvard Journal of Law & Public Policy
Geographic Comparisons: European

Gun Ownership and Murder Rates
Geographic Comparisons: Gun-Ownership
and Suicide Rates

INTRODUCTION
any kind

Table 1: European Gun Ownership and
[rates given are per 100,000 pecple and in

Demaographic Patterns

Macro-historical Evidence: From the
Middle Ages tothe 20* Century

Later and More Specific Macro-Historical
Evidence

Geographic Patterns within Nations

[vel. 30

of gun is minimal,

Murder Rate
20.54 [2002]
9.01[2002]
2.22[2003]
1.98[2004]
1.87 [2001]
1.78[2003]
1.65 [2003]
1.21[2003]
1.12 [2003]
0.95 [2003]
0.93 [2003]
0.81[2001]
0.80[2002]
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DEPARTMENTS OF LABOR, HEALTH AND
HUMAN SERVICES, AND EDUCATION, AND
RELATED AGENCIES APPROPRIATIONS FOR
FISCAL YEAR 2013

U.S. SENATE,
SUBCOMMITTEE OF THE COMMITTEE ON APPROPRIATIONS,
Washington, DC.

[CLERK'S NOTE.—The subcommittee was unable to hold hearings
on nondepartmental witnesses. The statements and letters of those
submitting written testimony are as follows:]

DEPARTMENTAL WITNESSES
RAILROAD RETIREMENT BOARD

PREPARED STATEMENT OF MICHAEL 5. SCHWARTZ, CHAIRMAN OF THE BoarD

T - TOWSON
" UNIVERSITY
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Simple, flexible pricing

All our pricing options come with the
same set of essentizl features:

$200
10,000 pa

€D Export toXLSX, CSV, XML & credits redits credits

° Automatic table recognition

HTML
° Full automation via our AP

Or set your own: 20000 | page credits for $400.00 BUY NOW

Bl
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[w ﬂ Elements Console Sources MNetwork Performance Memory Application Web Scraper ¥

Sitemaps Sitemap Create new sitemap ~

Sitemap name

Sitemap name

Start URL
URL

Create Sitemap

https:/ /s webscrapet:10)/
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Tabula

Tabula is a tool for licerating data tables
locked inside PDF files.

Wiew the F*rui:-jemz on GitHub

tebulzpdt/tabula

S ————

Diovwnloed for Dowmnload for Wisw souros o

Windows Mac GitHub

Other Versions: pre-releases & archives

Meed help? Open an issue on Github.

Donate: Help support this project by backing

us on OpenCaollective.

We'd love to hear from you! Say hi on Twitter
at @TabulaPDF

Free Tools: Tabula Java to Browser
http:/ /tabula.technology

TOWSON
UNIVERSITY

Download & Install Tabula

Windows & Linux users will need a copy of Java installed. You can download Java
here. (Javaisincluded in the Macversion.)

e version of Tabulza for vour cperating system.
o Windows: tabuls-winzip
o Mac 05 X:tzbula-maczip
o Linux/Other: tzbulz-jarzip, view README it inside for instructio

e ——————————
2. Extract the zip file. (Instructions: Windows, Mac)
3. Gointo the folder you just extracted. Run the "Tabulg" program inside.

e

= B u fal=r1amm < wser, and goto
http:/flocalhost:808

0. There's Tabula!

——
How to Use Tabula

1. Upload & PDF file containing a data table.

2. Browse to the page vou want, then select the table by clicking and dragging to
draw a box around the table.

3. Click "Preview & Export Extracted Data". Tabula will try to extract the data and
display 2 preview. Inspect the dats to make sure it looks correct. [f data is
missing, you can go back to adjust your selection.

4 Click the "Export” button.

5. Mow you can work with vour data as text filz or 3 spreadshest rather than a
PDF! (You can open the downloaded file in Microsoft Excel or the free
LibreOffice Calc)

Mote: Tabulz onby works on text-based PDFs, not scanned documents.



Tabula Java to Browser - http://tabula.technology
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ﬁ Tabula  MyFiles My Templates  About  Help  Source Code Support Tabula on OpenCollectivel

bort one or more PDFs

CDC_Life_Tables_67_07-508 pdf

Imported PDFs

s

File Name Size Pages Date Added - Remove Process
NREL Renewable Energy Data Book.pdf 9717 kB 130 27 Apr 2018 13:27 b 4 E-:I:ract Data >

-

If you have several PDFs with the same layout, you can select the appropriate regions once, then
save the selections as a Tabula Template from the Select Tables page. If someone has shared a
template with you, you can upload it to Tabula at the My Templates page.




Tabula PDF to Excel http:/ /tabula.technology
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port one or more PDFs

CDC_Life_Tables_67_07-508.pdf

Upload Progress e

CDC_Life_Tables_87_07-508.pdf waiting 1o be processed. ..

Imported PDFs

File Name Size Date Added Process

NREL Renewable Energy Data Book.pdf 9717 kB 27 Apr201813:27

If you have several PDFs with the same layout, you can select the appropriate regions once, then save the selections as a

Tabula Template from the Select Tables page. If someone has shared a template with you, you can upload it to Tabula at the
My Templates page.




Tabula Java to Browser - http://tabula.technology

My Templates

About

Help

CDC_Life_Tables_67_07-508.pdf  [RERL ek (o)

Source Code

® Clear All Selections

# Autodetect Tables

National Vital

Statistics Reports

Neco

e 67, Number 7

S —

United States Life Tables, 2015

by Elizabeth Arias, Ph.0., and Jiaguan Xu, M.D., Division of Vital Statistics

Abstract

Objectives—This report presents complete period life tables for
the United States by race, Hispanic origin, and sex, based on age-
specific death rates in 2015.

Methods—Data used to prepare the 2015 life tables are 2015
final mortality statistics; July 1, 2015, population estimates based
on the 2010 decennial census; and 2015 Medicare data for persons
aged B6-99. The methodology used to estimate the life lables for
the Hispanic population remains unchanged from that developed for
the publication of life tables by Hispanic origin for data year 2006.
The methodology used to estimate the 2015 life tables for all other
groups was first implemented with data year 2008,

Aesults—in 2015, the overall expectation of life at birth was
78.7 years, decreasing by 0.2 year from 2014, From 2014 o 2015,
life expectancy at birth decreased by 0.2 year for both males (76.5 to
76.3) and females (81.3 to 81.1). Life expactancy at birth decreased
by 0.2 year for the white pogulation (79.1 to 78.9) and by 0.1 year
for the black population (75.6 to 75.5). Life expeclancy at birth
decreased by 0.2 year for the Hispanic population (82.1 o 81.9) and
for the non-Hispanic black population (75.3 o 75,1). Lifs expectancy
at birth decreased by 0.1 year for the non-Hispanic white population
(78.8 10 78.7).

Keywords: life expectancy « survival  death rates « race  Hispanic
arigin

November 13, 2018

incompleteness (1). For example, a Ife table representation of the
mortality experiance of a cohort of persons bom in 1870 would
require the use of data projection technigues to estimate deaths into
the future (2,3).

Unlike the cohort life table, the period life table does not represent
the mortality experience of an actual birth cohort. Rather, the period
life table presents what would happen to a hypathetical cohart If it
experienced throughout its entire life the mortality conditions of &
particular period in time. For example, a period life table for 2015
assumes a hypothetical cohort that is subject throughout its lifetime
to the age-specific death rates prevailing for the actual population in
2015, The period life table may thus be characterized as rendering a
snapshat of curment mortality experience and shows the long-range
implications of & set of aga-specific death rates that prevailed in a
given year. In this report, the term “life table” refers only to the period
life table and not to the cohort life table,

Life tables can be classified in two ways, according o the length
of the age interval in which data are presented. A complete life table
contains data for every single year of age. An abridged e table
typically contains data by 5- or 10-year age intervals. A complete life
table can easily be aggregated info 5- or 10-year age groups (see
Technical Notes for instructions). Other than the decennial life tables,
U.S. life tables based on data prior to 1997 are abridged life tables
constructed by reference 1o a standard tabla (4). This report presents
complate period ife tables by race, Hispanic oriain, and sex.
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Eifarete Smoking 17.6) "Befweed 1979 3id 201U the aference i~~~ black fem@es™ (74.5), vtite males [76.Bf, aAd tlack males (72.2)7

expactancy between the sexes narrowed from 7.8 years to 4.8
(Table 19). The general decline in the sex difference since 1979
proportionately greater increases in lung cancer mortality for
Mwomen than for men and proportionately larger decreases in heart
mmmmﬂ.ﬂ
The 2015 life table may be used to compare ie expectancy at
qmmuwmmmmammu
12015, a person aged 65 could expect 1o live an average of 19.3 more
Wears for a total of 84.3 years; a person aged 85 could expect to live
fan additional 6.6 years for & total of 91,6 years; and a person aged
:lmmumcttolnmmzzmmm(&hﬂ.

'Ilhwlvm

' From 2014 to 2015, Iife expectancy decreased by 0.1 year for
uma&eunswuwnnmmwm»
ipopulations (Table 19). The difference in ife expectancy between the
Iwhits and black populations was 3.4 years in 2015, a historically
yecord low fevel. The white-black difference in life expectancy
from 14.6 years in 1900 o 5.7 years in 1982, but increased
7.1 years in 1993 before beginning to decline again in 1994
'mmem.wmammwmm
the result of increases in mortality among the black male population
due to HIV infection and homicide (B).
Amang the four race-sex groups, white females continued to

have the highest life expectancy at birth (81.3 years), followed by

(Fiqure 1), Between 2014 and 2015, life expectancy decreased by |
03 mummm»nnumw-
ummm&mmmmamm
ife expectancy every year for 19841689 (8), followed by annual |
Increases in 19901992 and 1994~2012. Between 2014 and 2015,
life expectancy declined by 0.1 year for white males (76.7 to 76.6) )
and for white females (31.4 to 81.3). Overall, yﬂmhhml
m1mmmtsma4mummenm-
for black females, 5.9 years for white males, and 3.2 years for white §
females (Table 19).

Life expectancy by Hispanic origin

mmums.mmmwwun
for the Hispanic population (82.1 to 81.9) and the non-Hispanic |
black popufation (75.3 to 75.1). It decreased by 0.1 year for the
non-Hispanic white popuiation (78.8 to 78.7) (Table 19). In 2015,
hmcmmuammmmnmm
umwummmmmmumw-
mmmmmu&mmwm.

- -..origin. are based.on death.rates that have hegn adiusted for race and.
ethnicity misclassification on death certificates (see Technical Notes Repeat t

for a detailed description of the methodology).
Among the six Hispanic-origin race-sex groups, Hispanic
females continued to have the highest life expectancy at birth (84.3
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1 of the reporting year are on avarage exact age x + 1/2,

An adjustment is made to account for the small proportion of
Heaths each year for which age is not reported on the death
Fertificate. The number of deaths in each age category is adusted

to accoun! for those with not-stated ages. The following

{F) is used to make the adjustment. Fis calculated for the total
and for each sex group within a racial and ethnic population for
Wwhich life tables are constructed:

[ |

o

- 1
Fems [
D is the total number of deaths and 0" is the total number
of deaths for which &ge is stated. Fis then applied by multiplying
it by the number of deaths in each age group. Table | shows values
for F by sex used to adpest morality data for the total, white, black,
Hizpanic, non-Hispanic white, and non-Hispanic ack populations

in 2015,

Adjustment for misclassification of race and Hispanic
origin on death cerlificates
The latest research to evaluate race and

N 1‘33'!:2’3 41 1 :Il]ll]l]l].'.i?ll

== AT = O = W00

|1 Repeat this Selection

BED cwe 2B

1.00007415 1
1.00003259

—_—
R =

SOURCE: NEHS, Mationad Wial Stabetes System, Morsity,

decedent. Further, public policy embodied in the 1997 OMB standard
mandates that self-identification should be the standard used for the
collection and recording of race and ethnicity information (17).

The NLMS-based classification ratios discussed above are
used to adjust the age-specific number of deaths for ages 1-95
and over for the tolal Hispanic, non-Hispanic white, and non-
Hispanic black populations, and by sex for each group, as fallows:

Repeat this Selection

-
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ﬁ Tabula My Files My Templates ~ About Help  Source Code Support Tabula on Op&

-

Is the EJ‘;’(?FECtEd data CDC_Life_Tables_67_07-508.pdi  Export Format:  CSV| ® Export & Copy to (Ppboard
incorrect?

You can revise your selectad
cells or try an alternate

suscknmeied— Preview of Extracted Tabular Data

Revise Selected Cells

Data has been extracted All races and origins i Non-Hispanic white1 MNon-Hispanic black1
from the cells you selected in

the previous step. Yeu can Age (years) Total Male Female Total Total Total Male Female Total Male Female
revise your selection(s) to

. 78.7 76.3 81.1 . . 75.5 . s 81.9 . 78.776.381.0 751719781

4= Revise selection(s) 782758805 ) 1 75.3 . . 81.3 ) 78.175.7 80.4 75.071.877.9

N - 743719766 71.5 774 741718764 711679740
Extraction Method
69.366971.7 X . 66.5 - ¥ 724 B X 69.266.971.5 66.162.9691
The current preview uses the
Stream extraction method. If 64.462.066.7 616 675 64 642619665 612580641
the data is not mapped to the
correct cells, try the Lattice

0 59.557.261.8 I . 56.8 . ) 626 . 59.4 57.161.6 56.4 53.359.3
method instead.

1! siream 54.852.556.9 : : 521 ) . 57.8 b . 54.6 52.4 56.7 51.8 48.954.4
50.047.9521 . . 473 . . 53.0 . 499478519 472444496
[ Lattice
453433473 . . 429 . } 48.2 . 452432472 426399449
Stream looks for whitespace
between columns, while
Lattice looks for boundary
lines between columns.

407 387425 . . 38.3 2 ] 435 . 406387 424 38.135.5403
361342379 . . 338 - i 38.8 . 36.034.137.8 33.6 311357
Still look wrong? 316298333 295 342 315298332 293269313

Contact the developers and
tell us what you tried to do 273256289 . . 254 . . 297 . 273256288 253230272

that didn't work.
2322172486 . y 217 I g 255 . 232217245 215194232
19.318.020.5 L ] 18.2 3 . 21.4 A 19.318.0204 18.116.2198.5
15.6 144 16.6 1 : 149 3 d 17.5 . 15.514.416.5

122 11.213.0 . . . 1n.9 1 . 13.9
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A | B | ¢ | D

| J

| L

SIS ise| e ~Newia wmn
L o S e el ol el | L

RBR2S 6 ® & 0RE

L]
°l|U|

6 |Age (year: Total MaleTotal

All races and origins White
> |Age (year: Total MaleTotal

Male

78.9 76.6
78.3 76
74.4 72.1
69.4 67.1
64.5 62.2
59.6 57.3
34.852.5: 54.8 32.7
50.047.9:5 50.1 48
45.4 434
40.738.74 40.7 38.8
36.134.22 36.1 34.3
31.629.83 31.6 29.9
2732562 27.3 25.7
23.221.72 23.2 21.7
19.318.02 19.3 18
15.614.41 15.6 14.4
12.211.21 121 11.2
BO....... 9.18.39.7 9.1 8.3
B5....... 6.65.97.0 6.5 5.9
90....... 464.14.8 4.5 4
E - NPT 322833 31 2.7
100...... 222023 2.2 2

All races and origins White

Male

100,000
99,467
99,368
99,307
99,228
98,928
98,328
97,612
96,794
95,862
94,674

99,508
99,419
99,365
99,296
99,072
98,652
98,137
97,518
96,782
95,808

99,181 93,
98,943 98,
98,503 98,
97,980 97,
97,357 96,.

Female

81.3
80.6
76.7
7.7
66.8
61.9

57
52.2
474
42.6
37.9
33.3
28.9
24.6
20.5
16.5
12.9

9.6

6.9

4.7

3.2

2.2

Female

100,000
99,551
99,473
99,426
99,367
99,222
98,935
98,693
98,284
97,754
96,999

Total

Total

100,000
98,861
98,708
98,626
98,529
98,194
97,574
96,863
96,021
94,972
93,595

Black
Male

Hispanicl
Female Total Male
78.5 79.3
78.3 78.7
74.4 K 74.8
69.4 69.8
64.5 64.9
59.6 60
54.7 55.3
49.9 50.6
45.2 = 45.9
40.5 41.2
36 36.6
31.6 » 32
27.3 27.7
234 23.6
19.6 19.7
16 16
12.7 ! 12.6
9.7 9.5
7.2 . 6.8
5.2 4.7
3.8 . 3.3
2.7 . 2.3
Hispanicl
Male
100,000
99,465
99,381
99,327
99,263
99,006
98,509
97,954
97,369
96,686
95,785

Black

Male
100,000
98,760
98,580
98,488
98,373
97,868
96,926
95,878
94,720
93,348
91,674

Female Total
100,000 100,000
98,966 99,503
98,840 99,426
98,767 99,379
98,691 99,322
98,532 99,132
98,247 98,785
97,871 98,403
97,329 97,970
96,579 97,465
95,473 96,782

Female

MNon-Hispanic whi
Total Male Femyf

84.3 78.7 76.3 81.Q

83.7 78.175.7 80

79.7 74.1 71.8 5.

5.5
3.8
2.6

Female Td

100,000 10
93,543 99,
99,474 99,4
93,436 99,36

99,088 98,637 98

98,898 98,087 97,

98,634 97,417 96,6473
98,318 96,618 95,640 9
97,860 95,571 94,377 96,8,

MNon-Hispanic blackl
Total Male Female
75.171.978.1
75.071.877.9
71.167.974.0

66.1 62.9 69.1
61.258.064.1
56.453.359.3
51.848.954.4
47.244.449.6
42.639.944.9
38.135.540.3
33.631.135.7

29.3 26.9 31.3
25.323.027.2
21.519.423.2
18.116.219.5

14.8 13.215.9
11.810.512.7
9.18.19.7

6.86.17.2

5.04.55.2

3.73.338

272527
MNon-Hispanic blackl
Total Male Female
100,000 100,000 100,000
98,875 98,783 98,971
98,707 98,602 98,837
98,617 98,510 98,761
98,513 98,395 98,680
98,149 97,848 98,506
97,482 96,838 98,198
96,742 95,754 97,800
95,860 94,552 97,221
94,739 93,086 96,419
93,285 91,318 95,251
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S S - Bl [ 4| [ = |
Black Hispanicl MNon-Hispanic whi
Male Male Female Total

79.3

78.7

74.8

69.8

64.9

60

M N | 0 | \
Non-Hispanic blackl
Total Male Fema
75.1 719
75 71.8
711 67.9
66.1 62.9
61.2 58
56.4 53.3
518 48.9
47.2 44.4
42.6 39.9
38.1 35.5
33.6 311
25.3 26.9
25.3 23
215 195.4
18.1 16.2
14.8 13.2
11.8 10.5
9.6 9.1 8.1
6.9 6.8 6.1
4.7 5 4.5
3.2 3.7 3.3
2.2 2.7 2.5

All races and origins White
Age (year: Total Male Total Male
TB.776.3E 78.9 76.6
78.275.8E 78.3 76
74.4 72.1
69.4 67.1
64.5 62.2
59.6 57.3
54.8 52.7
50.1 48
45.4 43.4
40.7 38.8
36.1 34.3
31.6 29.9
27.3 25.7
23.2 21.7
15.3 18
15.6 14.4
12.1 11.2
9.1 8.3
6.5 5.9
4.5 4
3.1 2.7
2.2 2

Total Total Female

81
30.4
76.4
715
66.5
61.6
56.7
51.9
47.2
42.4
37.8
33.2
28.8
24.5
204
16.5

12.9

Female
78.5
78.3
74.4
69.4
64.5
59.6
54.7
49.9
45.2
40.5

36
31.6
27.3
23.4
19.6

16
12.7

9.7
7.2
5.2
3.8
2.7

Female
81.3
30.6
78.7
717
66.8
61.9

57
52.2
47.4
42.6
37.9
33.3
289
24.6
20.5
16.5
12.9

9.6
6.9
4.7
3.2
2.2

64.462.0€
39.557.2€
54.852.5%
50.047.9%
45.343.34
40.7 38.74
36.134.22
31.629.82
27.325.62
23.221.7 2
19.318.02
15.614.41
12.211.21
9.18.39.7
6.65.97.0
4.64.14.8
3.2283.3
2.22.02.3

50.6
45.9
41.2
36.6
32
27.7
23.6
19.7
16
12.6
9.5
6.8
4.7
3.3
2.3

21.7

18
14.4
11.1
9.1 8.3
6.3 3.9
4.5 4
3.1 2.7
2.2 2

15.5
12.1

All races and origins White

26 |Age (year: Total Male Total

100,000 1C 100,000
99,508
99,419
99,365
99,296
99,072
98,652
98,137
97,518
96,782
95,308
94,374

Male
100,000
99,467
99,368
99,307
99,228
98,928
98,328
97,612
96,794
95,862
94,674
92,952

Female
100,000
99,551
99,473
99,426
99,367
99,222
98,995
98,693
98,284
97,754
96,999
95,864

Total
100,000
98,861
98,708
598,626
98,529
98,194
97,574
96,863
96,021
594,972
93,595
91,622

Black

Male
100,000
98,760
98,580
598,488
98,373
97,8608
96,926
95,878
94,720
93,348
91,674
89,341

Female
100,000
98,966
98,840
98,767
98,691
98,532
98,247
97,871
97,329
96,579
95,473
93,833

Total
100,000
99,503
99,426
99,379
99,322
99,132
98,785
98,403
97,970
97,465
96,782
95,733

Hispanicl
Male
100,000
95,465
959,381
95,327
99,263
99,006
98,509
97,954
97,369
96,686
95,785
94,481

Female Ti

bn-Hispanic whitel
| Male Female
100,000 10
99,543 99,0110 99,467 99,556
99,474 99,4
99,436 99,30
99,387 99,29499,204 99,389
99,267 99,066 58,903 99,239
99,088 98,637 951193 99,001
98,898 98,087 97,5
98,634 97,417 96,64
98,318 96,618 95,640 9
97,860 95,571 94,377 96,508
97,083 94,065 92,586 95,601

Mon-Hispanic blackl
Total Male Female

100,000 100,000 100,000

98,875 98,783 98,971
98,707 98,602 98,837
98,617 98,510 98,761
98,513 98,395 98,680
98,149 97,848 98,506
97,482 96,838 98,198
96,742 95,754 97,800
95,860 94,552 97,221
94,739 93,086 96,419
93,285 91,318 95,251
91,228 83,889 93,
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* Plenty of data or directories are
still 1n static HTML tables;

* Lena Groeger, ProPublica.org,

has a Google Sheet hack; NATIONAL INTERAGENCY FIRE CENTER

iTotaI Wildland Fires and Acres (1926-2017) National Intelagency Fire Center

: : ~ B View  Inser orma ata sols  Add-ons I
| The National Interagency Coordination Center at NIFC compiles annual wildiand fire statistics | ile Edit View Insert Format Data Tools Add-ons Help

: for federal and state agencies. This information is provided through Situation Reports, which

[ J Populates a Google Sheet With a ‘ have been in use for several decades. Prior to 1983, sources of these figures are not known, SN - 100% - $ % .0 .00 123~ Aria - 10 - B I & i

; or cannot be confirmed, and were not derived from the cumrent situation reporting process. As
: a result the figures prior fo 1983 should not be compared 1o later data. :
. . .
static HTML table in a single
formula:

8,711,367

5,292 468
‘ 9,328,045
‘ 9,873,745
‘ 8,689,389
‘ *8,097,880




Google Sheet Hack T0) Towson




=IMPORTHTML(“https:/ /www.nifc.gov/fireInfo/fireInfo_stats_totalFires.html”, table”,”0”)
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Total Wildland Fires and Acres (1926-2017) A
The Mational Interagency Coordination Canter at NIFC compiles annu . .
e e e o et et Total Wildland Fires and Acres (1926-2017)
decadas. Prior to 1983, sources of thase figures are not known, or ca
be confirmed, and were not derived from the current situation reporting The Mational Interagency Coordination Center at NIFC compiles annual
f;‘;cre;:t':s a resultthe figures prior fo 1983 should not be compared wildland fire statistics for federal and state agencies. This information

is provided through Situation Reports, which have been in use for several
decades. Prior to 1933, sources of these figuras are not known, or cannot

be confirmad, and were not derived from the current situation reporting

process. As a result the figures prior to 1983 should not be compared to

A B c |

B | c

Source: National Interagency Coordination Center

Year Fires Acras
2018 58,083 8,767,492
2017 71,499 10,026,086
2016 67743 5,509,995 later data.
2015 68,151 10,125,149
2014 63312 3,595,613 Source: National Interagency Coordination Center
2013 47579 4,319,546

Fires Acres
2012 67,774 9,326,238
2011 74126 8,711,367 71,499 10,026,086

2010 71,971 3,422,724 67,743 5509 995
2009 78,792 5,921,786
2008 78,979 5,292,468 68,151 10,125,143

2007 85,705 9,328,045 63312 3595613

2006 96,385 9,873,745
2005 66.753 8,689,389 47 579 4,319 546

2004 65,451 *8,097,880 67 774 9326 238

2003 63,629 3960842 ?4|126‘ B,?11,36T
2002 73,457 7184712

2001 84,079 3,570,911 71,971 3422724

2000 92,250 7,393,493 73 792 5 921 736
1999 92,487 5,626,093 : —
1998 81,043 1,329,704 78,973 5,292 468

1997 66,196 2,856,959 85,705 9323045
1996 96,363 6,065,993

1995 82234 1,840 546 96,385 9873745
1994 79,107 4,073,579 65 753 8688389




Lena Groeget,

ProPublica

GER, PROPUBLICA, SEPTEMBER 2015

1.Data Journalism: What is it & Why Should I Care?

2. How to Get Data From the Web

3. What to Do With Your Data

https:/ /bit.ly/1Kn6Eav
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Getting Data Without (Much) Code

y PROPUBLICA, SEPTEMEBER 2015

Tools You'll Need

Firefox and Safar are OK, but all of our examples and tools will be in Chrome. Please don't use Internet Explorer, | beg

We'll learn a pretty neat trick that let's you grab data with Google Spreadsheets

Example's We'll Use

Failed Banks:
School Zone Clusters

FDA Directory

Ready? Let's Get Some Data

Try a Blank Search. First things first. Often you can just try to search with nothing in the search field, and return ALL the
data in a database. Let's try it with this example

Look for the Download Button. Often websites with data will have CSV, Excel, or other data download options
http:/iwww.oecd.org/gender/data/employmentandunemploymentratebysexandagegroupquarterlydata.htm

Try Google Spreadsheets. Did you know that you can use Google spreadsheets to pull down an html table? You can

using a simple formula: =ImportHTML (#€eurld€l, &Sxelementtypei€l, numberElement on page
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How to grab data from
hundreds of sources, put it
in a form you can interrogate
— and still hit deadlines

PAUL BRADSHAW

ONLINE JOURNALISM BLOG

DATA JOURNALISM

How to get in, get the data,
get the story out — and make
sure nobody gets hurt!

PAUL BRADSHAW

ONLINE JOURNALISM BLOG




Data Scraping for the Coding-
Challenged

Carl P. Olson

colson(@towson.edu

Thank You!



